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1 2 Log NSE * Considering an evaluation criteria that provides more weight to high flows (NSE, figure 2), the model is little affected Validate the analysis for 2012 and 2013.
Discharge Logarithmic RG;_'WBE' Posterior / by the input data resolution resulting in performance varying between 0.76 and 0.84. However, when considering a Expand the analysis for a different catchment using the same spatial input
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Likelihood <19 Distribution \ measure of fit with high weight in low flows (log NSE, figure 2), the model performance varies between 0.10 and 0.65 data.
NSE and the best performances are obtained when using the regional DEM (D2) and global soil map (S1). It suggests that Analyze also water quality as output of the model.

MCMC

SWAT is sensitive to small topographic changes but cannot necessarily make use of additional soil information if they
are not substantially effecting soil hydrological fluxes.

**Table 3: SWAT parameter description, lower and upper bound

Parameter name Parameter definition Parameter factor Lower bound Upper bound Units
SFTMP Snowfall temperature replace -5 5 °C All set . - faint th tout and hich fainty for | f dict - ot (f
. set-ups have similar uncertainty on the output and higher uncertainty for low flow prediction. The g-q plot (figure
SMTMP Snow melt base temperature replace -5 5 °C . o , , .
P P 3) suggests that these predictive uncertainties are being underestimated. Vil ACknOWIedgement
CH N2 Manning’s roughness coefficient n replace 0.01 0.25 mm/h
- > This project has received funding from the European Union’s Seventh
CH_K2 Hydraulic conductivity of channel replace 0.01 150 mm/h * We notice a constrained behavior of all calibrated parameters (figure 5), highlighting the model sensitivity to these Fram:wojrk Programme  for resegarch technologicl:oal development and
ALPHA_BF Baseflow alpha factor replace 0.001 0.99 . parameters. The parameters GW_DELAY, ALPHA BF, CH_N2 and CH_K2 presented a posterior distribution similar . ’
. _ _ T , , demonstration under grant agreement no 607000.
GW_DELAY Groundwater delay time replace 0 31 days according to the soil map used, indicating smaller parameters values for regional soil map (S2) setups.
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